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To detect anomalies in system meirics NO. METRIC ID METRIC NAME MIN MEAN MAX
using tfime series methodls.

1. 299609 Number of threacls 835 1267,9493 1856
DATASET: 2. 299611 CPU uftilization 0,1426 11,0932 99,9572
In this research, metrics that represent the
‘ . 3. 311982 Free disk space on E: 2596864 41659118109 67171205120
raw measurements of resource usage or
behaviour that can be observed and 4. 299618 Free memory 791746969 60481012936 147694555136
collected throughout IT systems are
HostiD 12117 MetriclD 299609 Number of threads HostiD 12117 MetriclD 299611 CPU utilization
analyzed.
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4. Calculafe the Absolufe Error for each 11 1o T3 (TH when k=3,5,7)  and using a 5 minute sliding window TH7,
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5. Find the threshold tor the errors in
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where @ - mean of predliction errors,
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Anomalies sum by TH type

errors, @ - window size and k - coefficient

C A R D of cleviation.

CENTRE RESULTS:
FOR APPLIED For each mefric, the models were
EENSDEARCH constructed separately using one week of
DEVELOPMENT clata for training and one week of data for
festing when the models were refrained on  FUTURE WORKS:
a claily basis. For the defection of We plan to use multivariate time series cletection moclels 1o detect anomalies in

anomalies, 12 threshold values were models anc confexiual anomaly IT systems metrics.



